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Yesterday Tomorrow Ratio

[AR. F2014]

|BHA | | Tomorrow | | Morgen | |Bukas| | Domani| | Demain |
|FER | | Yesterday | | Gestern | | Kahapon| |leri| | Heir|
Region YTR Region YTR
Angola 0.226 Nicaragua 0.620
Brazil 0.489 Oman 0.732
China 0.972 Panama 0.957
Egypt 0.467 Russia 0.496
Germany 1.030 Spain 1.349
] Indonesia 0.486 Togo 0.172 REg—
’4‘ Japan 2.077 United States | 0.684
Kuwait 0.351 Vietnam 1.339
Lithuania 1.046 Yemen 0.361
Mexico 1.177 Zambia 0.204
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