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(“Mindless Eating”)
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HOW MUCH ARE
WE GOING TO EAT?

We Eat With Our Eyes

Wansink, Mindless Eating, 2006

(mindlesseating.org)

I'M EATING
THIS TO STAY

Sad People Eat Junk Food To
Repair Their Mood,
Happy People Eat Healthy To

Maintain Their Mood.

1I'M EATING
THIS To GET INTO
A GOOD MOOD.

Wansink, Mindless Eating, 2006
BEEHOREE M) :
[RARL R I TOLVER -

En BRI FeHT



TTRIER (TTRIFIE) D i

® 19tH#2(IfEE
DEREY L.

= DEFLEMEIEINTE -, FEDREETER

(RR)FEDE

T RDAHIEITKY, 2L

Fah¥bn. HAHNFEaAAZERSNT=,

® 20t IFEEDIHILTHoT=. VUF> . InEWE. &,
It EEGE. ETRFIZHEBALT=, 1900FZIET7 A) BN
D EHFAR L4955 THoT=hY. 2000FEIZIX77TRmE ELE o T=,

® 21 (XITEIEBRDHILLLEDTH A5, EF[E5ISHES
SEAR D= DEREMLGFHERZTHTHAIM. REIICHT-

%)EIF“"_ TS EACENERFNERDRELD, #
TEID[EIE LS, EH), RE (RUKAE-EIR; &R

Re=9 »1

) DB

(Wansink, B. Physiol. & Behav. 100:454, 2010)

C IR ETEAHTHAD,



BESFHIERDO-HICBEL

HR L) #8 A

SMEEROVIAMNIMEGIZHESIBEEFTORREIRAIHEEHALINT S

WELHD(ERODESHNBLE)
BRFNZIRTOER

IR 8

3% O
BN ——
2% IMEE SR
5%

Enfdl - BT

BMEEE

BN EEFBEATEREEFERAEI(FR25F)KY

s
¢ BEEBOFRFHRRMNIL
(B RRY., FRFRY)

¢ REEZEWEA. 2ZS2=T71)
¢ FHEOEILIE=RIVY
& REFRIETREDRRZE

® T AICKDHEERIE

N /

LML =MRICKIFHOEFNDES




BENTE: ERINICEZ=L

NELITEEFH TIREFEEAB L

sl “inating.” Wired

THE POWER OF

HABIT

Why we do what we
do cmd how to change

CHARLES DUHIGG

The
Power of
Habit
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PewResearchCenter

LG: Lifeband Touch &

The Web at 25 in the US
Heart Rate Earphone

Digital Life in 2025

Experts predict the Internet will

-

become ‘like electricity’ — less visible,
yet more deeply embedded in people’s “
lives for gOOd and ill ~ OS for Smartwatch
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Android Wear
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PewResearchCenter

* LG: Lifeband Touch &

The Web at 25 in the US
Heart Rate Earphone

Digital Life in 2025

Experts predict the Internet will

become ‘like electricity’ — less visible,
yet more deeply embedded in people’s |
lives for gOOd and ill ~ OS for Smartwatch

= Android Wear
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Mobile Health (m-Health):
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(Kumar, S et al., IEEE Computer, 46(1): 28, 2013)
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Mobile Health (m-Health):
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(Kumar, S et al., IEEE Computer 46(1): 28, 2013)
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MIT Human Dynamics Laboratory
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MEDIA LAB
The Human Dynamics Lab at the MIT Media Laboratories pioneered the idea of a
society enabled by Big Data. The Lab has developed technologies such as reality
mining, which uses mobile phone data to extract patterns that predict future human

behavior, a "nervous system’ framework for dramatically more efficient transportation,

health, energy, and financial systems, the New Deal on Data policies which are now

enshrined in the US Consumer Privacy Bill of Rights, and a Trust Network

communication architecture that ensures that this new data driven society is secure and http://hd.media.mit.edu/

fair

(Eagle E.& Pentland S.A., Pers Ubiquit Comput, 10: 255, 2006)
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Affective Computing:
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Google Glass, now in tune with your
emotions
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(NewScientist, September 4, 2014, from http://affect.media.mit.edu)
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(Kumar, S et al., IEEE Computer, 46(1): 28, 2013)
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Assessment (EMA)
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Intervention (EMI)
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British Journal of Health Psychology (2010), 15, -39
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Invited review article
Ecological momentary interventions:

Incorporating mobile technology into
psychosocial and health behaviour treatments

Kristin E. Heron and Joshua M. Smyth*
Syracuse University, New York, USA

(Heron & Smyth, Br. J. Health Psychol. 15: 1, 2010)
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1. Multilevel models for ILD
2. Marginal modeling of ILD by generalized estimation

equations
Moae[dfor 3. Alocal linear estimation procedure for functional
INTENSIVE multilevel modeling
LONGITUDINAL 4. Application of item response theory models for ILD
DATA 5. Fitting curves with periodic and nonperiodic trends

and their interactions with ILD
6. Multilevel autoregressive modeling of interindividual

Gy differences in the stability of the process
THEODORE A.WALLS . .
JosepH L. SCHAFER 7. The state-space approach to modeling dynamical
processes

8. The control of behavioral input/output systems

9. Dynamical systems modeling: An application to
the regulation of intimacy and disclosure in marriage

10. Point process models for event history data:
Applications in behavioral science

11. Emerging technologies and next-generation ILD
collection

(Oxford University Press, 2006)
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EU Horizon 2020
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1. PHC-21-2015: Advancing active and healthy ageing with ICT:
Early risk detection and intervention

2. PHC-25-2015: Advanced ICT systems and services for integrated
care

3. PHC-27-2015: Self-management of health and disease and
patient empowerment supported by ICT

4. PHC-28-2015: Self-management of health and disease and
decision support systems based on predictive computer
modelling used by the patient him or herself

5. PHC-29-2015: Public procurement of innovative eHealth
services

6. PHC-30-2015: Digital representation of health data to improve

disease diagnosis and treatment
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Smart and Connected Health

(SCH) by NSF/NIH (2013~)

8- National Science Foundation — n

"W WHERE DISCOVERIES BEGIN

Research Areas i Document Library About NSF

2 Home » Fundin
Fund g g =mEmsil S FPrnt  * Share

About Funding Directorate for Computer & Information Science & Engineering

Smart and Connected Health (SCH)

General Correspondence email

Find Funding [ "
For general correspondence, please reply to iis-shb-com@nsf.g m !d;shn}h:l Institutes of Health @
J w L vary NI M N

Browse Funding Opportunities A-Z

Due Dates

Merit Review CONTACTS a"
Poles and Procedures - ' Smart and Connected Health
P Popccas oot o Al i A o
reen opauntes e

Aidong Zhang azhang@nsf.gov

Transformative Research

NSF Solicitation: NSF-13-543

NIH Notice Number: NOT-OD-13-
041

m) National Institutes of Health
ffice of Bahavora/ and § ¥ Scances Resaarct i

E.sl AL o

i '“(“”'“” e __rers Bl o sSi
(https://Iwww.nsf.gov/funding/pgm_summ.jsp?pims_id=504739, https://www.youtube.com/watch?v=jX71Rz17Ic4)
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